) 4

"CSG22() Machine Learning Fall 2008 Support Vector Machines—"

Support Vector Machines

Virgil Pavlu October 8, 2008

1 Linear discrimination
-we have talked about linear/logistic regression and the perceptron. There are other methods, essentially

variations of gradient descent with specific objective functions.
-lets take a closer look at a hyperplane separating the classes in a binary problem.
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2 Geometry of the hyperplanes ( P po v Ue coce)
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3 Margin

Figﬁrc 1: Support vector machine
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5 SVM - optimal hyperplane wrt margin
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6 Non-separable data
-slack variables
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