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Rethink about CNN
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Rethink about RNN
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a vector
LSTM
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The Encoder-decoder Architecture

A model is partitioned into two parts
 The encoder process inputs
 The decoder generates outputs
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The Base Class for an Encoder

class Encoder(nn.Block):
def __init__ (self, xxkwargs):
super(Encoder, self).__init__ (xxkwargs)

def forward(self, X):
raise NotImplementedError
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The Base Class for a Decoder

» Create state with the encoder outputs and any other infos

class Decoder(nn.Block):
def __init__ (self, sxkwargs):
super(Decoder, self).__init__ (xxkwargs)

def init_state(self, enc_outputs, *args):
% 4<%"ralse NotImplementedError

def forward(self, X, state):
raise NotImplementedError adWwWs
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The Base Class of the model

class EncoderDecoder(nn.Block):
def __init__ (self, encoder, decoder, xxkwargs):
super(EncoderDecoder, self).__init__ (xkkwargs)
self.encoder = encoder
self.decoder = decoder

def forward(self, enc_X, dec_X, *xargs):
enc_outputs = self.encoder(enc_X)
dec_state = self.decoder.init_state(enc_outputs, *args)
return self.decoder(dec_X, dec_state)
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Seq2seq
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Seqg2seq

 The encoder is a RNN to read input sequence
* The decoder uses another RNN to generate output
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Encoder/Decoder Details

 The encoder is a standard

RNN model without the e e
output layer AN De;‘se
° The enCOder’S hldden State nx | Recurrent layer Recurrelnt layer | xn
In last time step is used as
the decoder’s initial hidden Embedding Embedding N
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Training Ueacler iomvg“

* The decoder is feed with the@rgetedl sentence\during

training
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