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not CNN for images : Convolution layers & NNet architecture
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9adding : adding rowstcs of "Ol on edges .
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tooling-averaging/max with neighboring pizcels



DCNN : multiple layers

VEG : Visual Geometry Blocks

Computation issues-



HW Recurrent NN : time/episodet hidden layer-hidde
ddeal well with long-term dependencies ↳ atret state .
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T#dvRNN (libraries) -HWC
sinput

=>LS T M- Borget· Gated memory (cells) Gortput short-term memory

"sequence of history ofevents/computation long

· Gated Recurrent
Units ("simplification of LSTMY)

·Deep RNN : multiple
hidden layers (states

·Beam Search

· Bidirectional RNN

· Encoder-Decoder architecture Jer ENN
Encoder

hidden
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figuresinput sequence-> State- /predict next item



-Transformers NN => SimpleTRN in the
- values

· Attention mechanism (queres, keys, -

· Attention Pooling/similarity

· Attention Sconhp-formula for
attention

· Bahdanam Attention

· Multilead Attention

· Self Attention/transformer


