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Lecture 7: D3, Data, Tasks

CS 7250
SPRING 2021

Prof. Cody Dunne
NORTHEASTERN UNIVERSITY

Slides and inspiration from Michelle Borkin, Krzysztof Gajos, Hanspeter Pfister, '
Miriah Meyer, Jonathan Schwabish, and David Sprague M CRIAN X




CHECKING IN



PREVIOUSLY, ON CS 7250...



D3 TUTORIAL




Examples:

https://github.com/NEU-CS-7250-521-Staff/D3 Examples



https://github.com/NEU-CS-7250-S21-Staff/D3_Examples

Now, ON CS 7250...



IN-CLASS PROGRAMMING —
D3 LINE CHART

~45 min
Questions? Troubleshooting help?
* Here
* khouryofficehours.com
* JTeams



https://northeastern.instructure.com/courses/63405/assignments/874491
https://khouryofficehours.com/

DATA [YPES



GOALS FOR TODAY

® | earn more about the attribute types

® | earn how to pick appropriate visual representations
based on attribute type and perceptual properties



How?

howr

Analysis

What data is shown?
Why is the user analyzing / viewing it?

How is the data presented?
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How?

howr

Analysis

DATA ABSTRACTION

TASK ABSTRACTION

VISUAL ENCODING
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How?

howr

Analysis

TASK ABSTRACTION

VISUAL ENCODING
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Attribute Types

2 (Categorical

+ O H A

e.g.,
fruit (apple, pear, grape),
colleges (CAMD, Khoury, COE)

= Ordered

= Ordinal

« N

e.g.,
sizes (xs, s, m, |, xl),
months (J, F, M)

= Quantitative (continuous)

e.g.,
lengths (17, 2.57, 5),
population
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Ordinal

GRAPEFRUIT

Ordinal

Note: On could also argue that Difficulty
and Tastiness could be quantitative
(continuous)

\

J

https://xkcd.com/388/ 14



https://xkcd.com/388/

" MiseryMap

FI IE htﬁﬁfare " Back to main site

Categorical

236 |

DELAYS CANCELLATIONS

between 3 PM and 7 PM (all cancellations today) (all delays today)

LAX 26
ATL
DFW
EWR

MSP
LGA

ORD
DEN
|AH

DTW
SFO

Quantitative
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Channels: Expressiveness Types and Effectiveness Ranks

(® Magnitude Channels: Ordered Attributes

Position on common scale
Position on unaligned scale
Length (1D size)

Tilt/angle

Area (2D size)

Depth (3D position)

Color luminance

Color saturation

Curvature

Volume (3D size)

—

*—i

—ao—

Same

Same

Most »

Effectiveness

4 Least

Spatial region
Color hue
Motion

Shape

(® Identity Channels: Categorical Attributes

Summarizes results from Cleveland &
McGill (1984), Heer & Bostock (2010) °



https://www.cs.ubc.ca/~tmm/courses/cpsc533c-04-spr/readings/cleveland.pdf
http://vis.stanford.edu/files/2010-MTurk-CHI.pdf

Channel Ranking by Data Type

Quantitative

Position

Length

Angle

Slope

Area

Volume

Deusity

Color Saturation
Color Hue

Figure 15: Ranking of Perceptual Tasks. The tasks shown in the gray bozes are not relevant to that

type of data.
Mackinlay (1986) 17



http://www2.parc.com/istl/groups/uir/publications/items/UIR-1986-02-Mackinlay-TOG-Automating.pdf

Channel Ranking by Data Type

(Categorical)
Quantitative Ordinal Nominal
~ Position se—eme—— Position ~ ==———esssese== Position |
Angle Color Saturation Texture
Slope Color Hue _ Connection
Area Texture Containment
Volume Connection ' Density
Density Containment Color Saturation
Color Saturation Length Shape
Color Hue 7\ Angle Length
. Texure: \\>  Slope . Angle
i Connection: Area d = Slope
# Conts | Volume - Area
Yol Ghape: - Volume

wor
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Figure 15: Ranking of Perceptual Tasks. The tasks shown in the gray bozes are not relevant to that
type of data.

Mackinlay (1986) 18



http://www2.parc.com/istl/groups/uir/publications/items/UIR-1986-02-Mackinlay-TOG-Automating.pdf

Channel Ranking by Data Type

AREA
10 9 8 7 6 S 4 3 2 1
Quantitative O OO0 OO 0O 0o o o o
Monday Tuesday Wednesday
Ordinal O O O
Eagle Jay Hawk

Categorical O O o

Figure 16: Analysis of the Area Task.

Mackinlay (1986) 19



http://www2.parc.com/istl/groups/uir/publications/items/UIR-1986-02-Mackinlay-TOG-Automating.pdf

Channel Ranking by Data Type

(Categorical)
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Angle Color Saturation Texture
Slope Color Hue _ Connection
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Volume Connection ' Density
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Figure 15: Ranking of Perceptual Tasks. The tasks shown in the gray bozes are not relevant to that
type of data.

Mackinlay (1986) 20



http://www2.parc.com/istl/groups/uir/publications/items/UIR-1986-02-Mackinlay-TOG-Automating.pdf

DATA ABSTRACTION

@ Data Types @ Attribute Types
> |[tems = Attributes > Links = Positions 2 Grids 2 Categorical

+ O H A

(®) Data and Dataset Types

Tables Networks & Fields Geometry  Clusters, > Ordered
Trees Sets, Lists 2 Ordinal
[tems ltems (nodes) Grids ltems ltems N ' '
Attributes Links Positions Positions
Attributes Attributes 2 Quantitative
— |

-
@ Dataset Types @ Ordering Direction

= Tables > Networks - Fields (Continuous) _
2 Sequential
Attributes (columns) Grid of positions
> |_’
Items Link
Cell & . .
(rows)l T o > Diverging
it
Cell containing value ftem) Attributes (columns) < I >
.
Value in cell .
. . 2 Cyclic
2> Multidimensional Table > Trees y

< m 0
Key 2

.4— Value in cell

Attribm

2> Geometry (Spatial)

ﬁ Position
() Dataset Availability

2 Static =2 Dynamic
& .
° L —>



TASK ABSTRACTION



How?

howr

Analysis

What data is shown?
Why is the user analyzing / viewing it?

How is the data presented?
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How?

howr

Analysis

DATA ABSTRACTION

TASK ABSTRACTION

VISUAL ENCODING
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How?

howr

Analysis

DATA ABSTRACTION

VISUAL ENCODING
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GOALS FOR TODAY

® | earn what “Tasks” are and why they are so important.

® | earn the differences between high, mid, and low level
task classifications.

® Begin practicing how to classify tasks (key step in
visualization design process!).

26



TASK ABSTRACTION

Why abstract?

Avoids domain
specific terms thus
easier to apply to
other cases (broadly
applicable results).

¥ Actions
@ Analyze
=2 Consume
2 Discover = Present = Enjoy
ol St il ©)
/ / / .|I|I|..
o B
= Produce
> Annotate = Record = Derive

4

)W A == 7
11730 =2 > <

(®) Search

Target known Target unknown

Location

".*« Look "[*) B
Known ookup ! rowse
ORI @-> Locate "@-> Explore
unknown ’ ’
(® Query
> ldentify = Compare = Summarize

o

&

@ Targets

(®) AllData

%

2> Trends 2 Outliers = Features
‘ ‘ ®e o LIPS v
() Attributes
= One 2> Many
= Distribution = Dependency = Correlation = Similarity
-I|I|I|- °o—o
> Extremes
il

(®) Network Data

2 Topology
Lo 1
2 Paths

A

@ Spatial Data
2 Shape
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TASK ABSTRACTION

Why abstract?

Avoids domain
specific terms thus
easier to apply to
other cases (broadly
applicable results).

Specific

Visualization Tools

General

28


http://jmol.sourceforge.net/

TASK ABSTRACTION

Why abstract?

Avoids domain
specific terms thus
easier to apply to
other cases (broadly
applicable results).

¥ Actions
@ Analyze
=2 Consume
2 Discover = Present = Enjoy
ol St il ©)
/ / / .|I|I|..
o B
= Produce
> Annotate = Record = Derive

4

)W A == 7
11730 =2 > <

(®) Search

Target known Target unknown

Location

".*« Look "[*) B
Known ookup ! rowse
ORI @-> Locate "@-> Explore
unknown ’ ’
(® Query
> ldentify = Compare = Summarize

o

&

@ Targets

(®) AllData

%

2> Trends 2 Outliers = Features
‘ ‘ ®e o LIPS v
() Attributes
= One 2> Many
= Distribution = Dependency = Correlation = Similarity
-I|I|I|- °o—o
> Extremes
il

(®) Network Data

2 Topology
Lo 1
2 Paths

A

@ Spatial Data
2 Shape
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(®) Analyze
ACTIONS define user goals. > Consume
> Discover > Present
allth. et alln
I /\ nim
= Produce
= Annotate - Record

)W 4
\ s |

High-level

> Enjoy

©

= Derive

Q)

30



ACTIONS define user goals.

Original Data

exports

imports

= Derive

trade
balance

trade balance = exports —imports

Derived Data

31



ACTIONS define user goals. Mid-level

@ Search

Target known Target unknown
Location . .
° . Lookup °°, Browse
known . o
Location @ L ocar . @ Een
unknown N 04 Hocdie A QR



E—— ) S =1}

Search Google Maps

@ Search

Target known

Target unknown

Location . .
*®s  Lookup @ Browse

known . .

Location o o

unknown < Q « > locate < Q-) Explore

33




¢e®

tts College

2sign

A
Q
2,
Museum of Fine /5/2
Arts, Boston >
<<
44(/6‘@ ‘\O)
(//)7 Q
Ao 5
Q

Museum of Fine Arts @ ©)

/P
9% S q
y

/',(refo

"

@ Search

Target unknown

Target known

Location .
°°, Browse
known .
£
3 Location o
Q@ o unknown Q e o Locate .@: e~ Explore
Un
(\P‘\‘e
X\(\Q‘O -
Wt ‘%%
Centennial
What is the address of Ryder hall?

mon
Ruggles E]
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@ Search

Target unknown

Target known

Location . Lok o (. 3
OOKU rowse
known e ° P )
— IS ocation - .
Ryder Hall @ 2 -' Locate | @®r.> Explore
- Nori unknown o
< U
o) X v
M f Fi > o
US:tl'JtrsT,] gostlgg %2 Y\o(\““g %
E
)
?QX\\NG\;
Y, &
S%))/Pa g
Q
Museum of Fine Arts @ ©)
A
UQQ/@SS{
Centennial
Common
etthoIIege . ?
V7. b Where is Ryder Hall:
N %)
Q(D Cc)



@ Search

Target known Target unknown
Location . . L ook
known e ° COKUP
3 Locati
— Q§Q’ ocation
1 N unknown Q' Locate
. s Un
Museum of Fine J%é (\g\oﬁpﬂ
Arts, Boston S \,\\><\“ %
e
LQ,
?e(\\x\(é\;
1, &
08@(//))/? \,\g
(04 Qro
Museum of Fine Arts@®  (®)
/QUQQ/@SSZ‘
Centennial
tts College -~ 9 . .
2Sign *~
. Y- What buildings are near Ryder Hall?
&
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@ Search
Target known Target unknown

Location . Look * (o0 Browse
u ° w
known ¢ ° P R
5 Locati
2 ¢ ocation
¢ s @'. Locate
Norl unknown o~
3 s Un
| 2 o
% o 2
?e@N’a\%
%S@ o
o,b% Qg
Museum of Fine Arts @ ©)
,(P
UQQ/GSS’
Centennial
Common
etthoIIege . .
..o What is south of Huntington Ave?




ACTIONS define user goals. Low-level

(®) Query
= |dentify

single target

- Compare

7

v 4

—

multiple targets

= Summarize

all targets

38



TARGETS are aspects of the
data interest that are
interest to the user.

@ All Data

= Trends

@ Attributes

= One

= Distribution

2> Extremes

(® Network Data
- Topology

@ Targets

= Qutliers

2> Many

- Dependency

,'". T,
» L
._,r h
. [
"‘u
L 3

- Paths

.

(®) Spatial Data
= Shape

= Features

v/

= Correlation

= Similarity

i

/
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\(‘3' Actions

3 Analyze High-level

= Consume

> Discover > Present > Enjoy

ol )-\7 il @
AcTions define user goals. T .

= Produce

2 Annotate > Record > Derive

Se@ (v EE <

3 search Mid-level

Target known Target unknown
L ion
o ©.°%e Lookup ’ @ Browse
known . .
Location . .
unknown < Q-) Locate ¢ Q > Explore

) Quer Low-level |
LOtS Of Other t(JSk _ > Identify = Compare - Summarize

; @ EEEER"EERT DR
taxonomies...! | o ~ R

¥ 4

_/




AN EXAMPLE OF TASK ANALYSIS
— VISUALIZATION DESIGN



https://doi.org/10.1109/TVCG.2018.2865076

Hierarchical Task Analysis Task Abstraction

Imagine a 10-year-old kid, who has been diagnosed with type 1 diabetes...

Zhanqg et al., 2018



https://doi.org/10.1109/TVCG.2018.2865076

Hierarchical Task Analysis Task Abstraction

Imagine a 10-year-old kid, who has been diagnosed with type 1 diabetes...

1 Continuous Glucose
/\ A~ o Monitor (CGM)

Zhanqg et al., 2018



https://doi.org/10.1109/TVCG.2018.2865076

Hierarchical Task Analysis Task Abstraction

Imagine a 10-year-old kid, who has been diagnosed with type 1 diabetes...

1 Continuous Glucose
" A e B Monitor (CGM)

Glucose
Meter

Zhanqg et al., 2018



https://doi.org/10.1109/TVCG.2018.2865076

Hierarchical Task Analysis Task Abstraction

Imagine a 10-year-old kid, who has been diagnosed with type 1 diabetes...

1 Continuous Glucose
" A e B Monitor (CGM)

Glucose
Meter

Insulin

H Injection

Zhanqg et al., 2018



https://doi.org/10.1109/TVCG.2018.2865076

Hierarchical Task Analysis Task Abstraction

Imagine a 10-year-old kid, who has been diagnosed with type 1 diabetes...

1 Continuous Glucose
"\ A~ o Monitor (CGM)

Glucose
Meter

Diabetes Logbook

£ %X &

Sickness Food Exercise Insulin
H Injection

Zhanqg et al., 2018



https://doi.org/10.1109/TVCG.2018.2865076

Hierarchical Task Analysis Task Abstraction

During a clinical visit ...

Zhanqg et al., 2018



https://doi.org/10.1109/TVCG.2018.2865076

Task Abstraction

Hierarchical Task Analysis

During a clinical visit ...

+
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I
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'
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£
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Zhanqg et al., 2018
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Hierarchical Task Analysis Task Abstraction

During a clinical visit ...

Zhanqg et al., 2018



https://doi.org/10.1109/TVCG.2018.2865076

Hierarchical Task Analysis Task Abstraction

During a clinical visit ...

Zhanqg et al., 2018



https://doi.org/10.1109/TVCG.2018.2865076

Increasing Task Specificity

0

Develop a treatment plan and educate patients

Plan 0: do 1, then iteratively do 2-3, then , then 5.
1. 2. 3. 4, 5.
Collect and display the Overview the —— | Reason about patient Educate patients and Make a treatment plan
patient's data patient's data -s—— | blood glucose levels caregivers

Plan 1: do 1.1 and 1.2 in any order.

1.1
Download and
display data

1.2
Open logbooks

Plan 2: do 2.1- 2.2,

Plan 3: do 3.1- 3.4 in any order.

3.1
Examine event details

3.2
Examine glucose level
patterns post events

3.3
Examine the interplay
between events

3.4
Evaluate treatment,
adjust constants for

sub-day time intervals

2.1

ldentify and compare
glucose trends,
patterns, and outliers

2.2
Investigate data quality

Plan 2.1: do 2.1.1 then 2.2.2.

Plan 2.2: do 2.2.1 and then do 2.2.2 - 2.2.3 if missing/ uncertain/ erroneous data identified.

2.1.1

Identify "good” days
(blood glucose levels
are mostly in range)

2.1.2

ldentify "bad” days
with more outliers or
intervals out of range

2.2.1

Examine data quality
e.g., missing, uncertain,
erroneous

222

Reconstruct missing
data in discussions

with patients/caregivers

2.2.3

Discount erroneous
data and explainable
abnormalities

Plan 3.4: do 3.4.1,3.4.2, 3.4.3 in any order.

3.4.1

Determine the overall
distribution of insulin
administered

3.4.2

Determine the interval
distribution of food
administered

3.4.3

Determine the interval
distribution of insulin
administered

Zhanqg et al., 2018 22



https://doi.org/10.1109/TVCG.2018.2865076

0.
Develop a treatment plan and educate patients

Plan 0: do 1, then iteratively do 2-3, then . then 5.
1. 2. 3. 4, S.
Collect and display the Overview the ——» | Reason about patient Educate patients and Make a treatment plan
patient’s data patient’s data -a—— | blood glucose levels caregivers
Identify Main Cause
Plan 1:do 1.1 and 1.2 in any order. _
| Plan 3: do 3.1- 3.4 in any order.
= 1.1 1.2 3.1 3.2 3.3 3.4
J;_J Download and Open logbooks Examine event details Examine glucose level Examine the interplay Eugluate treatment,
S display data patterns post events between events adjust constants for
D sub-day time intervals
Q.
n Plan 2: do 2.1-2.2. Examine related data to understand observation Describe Observation
X R | E——— —
v
O 2.1 2.2
@) Identify and compare Investigate data quality
= glucose trends,
% patterns, and outliers
o Compare Entities Discover Observation
C " E— " e S E— " E—
- Plan 2.1:do 2.1.1 then 2.2.2. Plan 2.2: do 2.2.1 and then do 2.2.2 - 2.2.3 if missing/ uncertain/ erroneous data identified.
2.1.1 2.1.2 2.2.1 2.2.2 2.2.3
Identify “good” days |dentify “bad” days Examine data quality Reconstruct missing Discount erroneous
(blood glucose levels with more outliers or e.g., missing, uncertain, || data in discussions data and explainable
are mostly in range) intervals out of range erroneous with patients/caregivers abnormalities
| Iteratively Identify attribute differences | Examine attributes for | Plan 3.4:do 3.4.1,3.4.2,3.4.3 in any order.
and similarities between populations unusual observations
| rar popd L | | [ 341 3.4.2 3.4.3
Determine the overall Determine the interval Determine the interval
distribution of insulin distribution of food distribution of insulin
administered administered administered

‘ Iteratively identify attributes at an aggregate level ‘

Zhanqg et al., 2018 >3



https://doi.org/10.1109/TVCG.2018.2865076

Hierarchical Task Analysis Task Abstraction

Design Requirements

* DR1. Composite Visualization of Integrated Data
 DR2. Visualization of Folded Temporal Data

* DR3. Align and Scale Temporal Data

* DR4. Summary Statistics

Zhanqg et al., 2018 >4
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Hierarchical Task Analysis Task Abstraction

From 05/27/2017 To 06/09/2017 1st Align Event ~ 2nd Align Event — Visualization Day By Meal About

2017-05-27 IA A I | I I A Ioo A.oooo slo:onox...nolaoooo.l‘....l
o X : ; 8:00 10:00 12:00 14:00 16:00 18:00 20:00 22:00 24

14-Day 2017-05-28 '......'..........O.t-elloi‘oocuoonvb.I..C...0....0]...0.......0“0c'.a.ﬁccorooo..o.o..,rog,........ oe 'Ooo.xl..oooo-oxoiloooooo‘cco..I.,.,.x' |
0:00 2:00 4:00 6:00 8:00 10:00 12:00 14:00 16:00 18:00 20:00 22:00 24

.....'Oc.o°Or'ooaooooo"l'",.oo"""'"a“'......°.x°"°ooole.ooe TYXEXEEEE R LN ] oo s80 ..00000.00‘. ’ .x.'l“'“"ic.o"’l’o"....‘.o.l

2017-05-29

OV E rVi EW 0:00 2:00 4:00 6:00 8:00 10:00 12:00 1400 16:00 18:00 20:00 22:00 24

2017 05 30 r-o-°'O¢.cetro-ouoboooccro..ooo.o-..Ioocqoco.O.AOO....0....0...O..O.x...r.........o.f....O.A.o.'ro'....o..°.r.°°‘.“ Orlooo-p....voi."".."""]

0:00 2:00 4:00 6:00 8:00 10:00 12:00 14:00 16:00 18:00 20:00 22:00 24

............r...".,....A..ocooooooooooooooooco.ooooo......,..o....”. .....ooooooooooooooco.......'..

2017_05_31 Aa‘on" olooaoo‘eoAnl0...“090|°°00.......2.4!

|
0:00 2:00 4:00 6:00 8:00 10:00 12:00 14: 00 16 00 20:00 22:00

2017-06-01 T & ‘rﬁto-o.oo...'.".o.o..o-f"".°'°'°°I‘"0-000030 eqessssecpeccqense """"'""'000'00|00¢""‘°OA‘000.A....‘0-to....,A....'..A....,,,,.l —— 0.0 ——— 0.0
0:00 2:00 4:00 6:00 8:00 10:00 12:00 14:00 16:00 18:00 20:00 22:00 24 Basal Bolus

ssesgnc s S A st o e R s B RS TASREIS sasaland B ) Summary

2017-06-02 [ [
0:00 2: 00 4: 00 6:00 8:00 10:00 12:00 14:00 16:00 18:00 20 00 22 :00 24

[ ] [ ]
- o ®evecsoececcencscntee .'.‘....'........"...............".'.0.0000 ...00000".'.... ®®000000000000000 ®ovee ar.oot"’ ’°°r° sreeen” St t t
20p1-06=00 Oﬁ) 22:)0 ‘4 :00 600 800A 10 :00 12I00 A 14 00 %00 18I00 1 %0 :00 A 22:00‘ 24? a I S I CS

Panel

0:00 200 4:.00 600 8:00 10 :00 12:00 14 00 16 00 18:00 20:00 22:00

2017-06-06 eo0e00c0esccccese ""ooooo‘oo..oaf--..so.ao..loxoooooooogl.o.-o.ex.,.r..°‘...oooo.ooooooooo.oxoooon..o-olooooo. .‘,f...,.,...o.r.-a-OOOOO"|

| |
0:00 2:00 4:00 6:00 8:00 10:00 12:00 14:00 16:00 18:00 20:00 22:00 24

(XY 090000,
* .’.Oooco....oooo0"'i"009.0.-ocooooo.oo-.e‘e.e.»o00000000000.00000 "". '.“'..Ooooolgqo-o cee 000 o0

00080000 o, °.°*]'°‘°...'a...| |

2017-06-07

2017-06-04  [°°°eesssssepecscscsscanpoancnsssssoneccee 0  ch ottt A Y S T T L L L L D7 (i R LLLLL LT POy SO '
0:00 2:00 4:00 6:00 8:00 10:00 12:00 14:00 16:00 18:00 20:00 22:00 24.
] .o.....o....o.o....o.00.o.0.00.oOo...o...................000.000...oo.Q............................. oe B 75%
w7008 kTN L e ki A A A AA | peesscscsecep X 'A"
median
0.0

0.0 ,0.0 —— 0.0

Breakfast Lunch Dinner SugarTreat Bedtime

0 00 2:00 4:00 6:00 8:00 10:00 12: 00 14:00 16:00 18:00 20:00 22:00 24 0.0

2017 06 08 x....oootooo.ceoooo.of..e.n..ooo'roe-aoo.ooo .c.o-ooo-o.r.noocox-o.x.g.. ...OOl...‘.00‘...“'............OOOOO IO .-.oae..r’....e....gl

000 2:00 4:00 6:00 8:00 10:00 12:00 14:00 16:00 18:00 20 00 22:00 24 Insulin (U)

2017-06-09 'rooooo.ooobl’.r"""......I A | A A"’A--r. ..oo-ox-.!.‘..o-ooA

1 ‘ xoo.‘.qo‘n.“...olooo-ooaouo

100.0 100.0 100.0 - 1000 NoLRatgpg
i 393  75% 44, 745  75% 75
[ ]
D eta I I . i 36.5 media 41.0 medi .5 median

V o A e 288  25% 300 25% 485  25%
0.0 0.0 0.0 0.0 —— 0.0
Breakfast Lunch Dinner SugarTreat Bedtime

Zhanqg et al., 2018 3>
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https://osf.io/mq2wt/

Hierarchical Task Analysis Task Abstraction

completion time correctness
mean ratio proportion difference
mean (s) In(SeqBr/IDMVis) proportion of correct responses IDMVis - SeqBr
. The average time spent Estimates of per participant The amount of correct Estimates of per participant
@ Sequence Braiding e answering egch gues ion, in effect sizepon%mfn p responses. 1.0 would mean effect size or'? coﬁectngss
IDMVis e seconds. calculated as the natural that all the questions calculated as IDMVis-SeqBr.
logarithm of SeqBr/IDMVis. have been answered correcitly.
examples 0 50 100 150 Lo 05 0.0 0 10 06 08 , 05 00 05
How many days did the E E . | | ; E | E | | ; E
atient skip lunch? 0 0 0 i 0 0 0 i 0 ~ C 0 0
elementary P P Sy : N | == : ; — : ===
lookup ! —— ‘ ‘ | | . ‘ ! ‘ —_— | . ‘
i adjusteé ) -value?.' 0.78 E E E : E E adjusjted p -value: : .00 E : E
How many lunches had very E E
high blood glucose? | D D D I d 0 0 ] 0 0 0 - D
elementary 9 9 . : - | : | 4 ® :
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Interview Advice

Have a desighated note-taker and designated leader

Be prepared. (Have some questions prepared in advance.)
Start slow, safe, and personal.

Coax, don’t hammer.

Make some questions open ended.

Ask what you don’t know.

Let the interviewees wander a bit—but be careful.

Listen, really listen.

For software, look for “work arounds” and hacks.

Make sure to write down your thoughts and impressions immediately
after the interview.

You are the visualization expert — don’t ask them what vis they want,
don’t think too early about what vis to build.

Shel Israel, 2012 59
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Upcoming Assignments & Communication

https://northeastern.instructure.com/courses/63405/assignments/syllabus

Look at the upcoming assignments and deadlines regularly!

® Textbook, Readings, & Reading Quizzes — Variable days
® In-Class Activities — 11:59pm same day as class

F: In-class project pitches

T: In-class project group finalizing & work

Next F: Lecture & in-class activity on Altair
®

Assignments & Projects— Generally due R 11:59pm
R (2 days): Project 1 (pitches),
Assignments 4a (critique) & 4b (Altair setup) due
Next R (9 days): Project 2 (proposals), Assignment 5 due (D3)
Next-next R (16 days): Assignments 6a (Altair) & 6b (critique) due.
Next-next-next R (23 days): Project 3 — Interview & Task Analysis

Everyday Required Supplies:

® 5+ colors of pen/pencil
®  White paper
o

Laptop and charger

Use Canvas Discussions for general questions, email the TAs/S-LTA/instructor for
guestions specific to you: codydunne-and-tas@ccs.neu.edu. Include links!
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